
     

 

 

The following paper was researched and written  

as part of LSE GROUPS 2024. 

LSE GROUPS takes place during the final fortnight of the LSE Spring 

Term. Undergraduate students are placed in small groups; these are 

cross-year, interdisciplinary, and group members do not know one 

another in advance. Each group must then devise its own research 

question and carry out every stage of a small-scale research project, in 

less than two weeks. 

LSE GROUPS is part of the LSE commitment to students learning 

through enquiry and developing the skills needed for knowledge 

creation.  

The overall theme of LSE GROUPS 2024 was Power and Politics. 

This paper was submitted on the final Thursday afternoon of the project. 

Students then presented their work at a conference, on the closing 

Friday. 

More information on LSE GROUPS, and other papers. 

Papers are presented as submitted by the students, without corrections. 

 

 

 

London School of Economics and Political Science 

Eden.GROUPS@lse.ac.uk 

https://info.lse.ac.uk/staff/divisions/Teaching-and-Learning-Centre/TLC-events-and-workshops/LSE-GROUPS


   
 

   
 

Battles Beyond Borders: Investigating the 

Effect of the US-China Trade War on 

Favourability of Trump1 

Authors: Priyadarshan Logeswaran, Oli Kowalska Ahmed, Sophie Hau Yin Fung, Leena 

Safareeni, Linxuan Wang, Yilin Wang 

 

 

Abstract 

In 2018, the US imposed tariffs on China over multiple waves in the US-China trade war, to which 

China retaliated by imposing its own tariffs. By December 2018, 65.5% of US exports and 46.9% 

of Chinese exports were subject to trade war tariffs by the other country. Our research question 

aims to investigate to what extent US-imposed tariffs and retaliatory tariffs influenced voters’ 

favourability of Trump. Using an Instrumental Variable Design with a Differences-in-Difference 

methodology, we find that US import tariffs significantly increased voters’ cost of living; however, 

there were no significant changes in voters’ favourability of Trump. Instead, favourability is better 

explained by prior foreign policy stances and/or actions by Trump in 2016. Next, we use a 

Krugman Model of International Trade to analyse the effects of retaliatory tariffs. We 

mathematically show that the average cost of agricultural producers increases, theoretically 

resulting in an exit of producers from the industry and greater unemployment. However, the 

introduction of large protectionist subsidies negated the theoretical effects established in our model, 

demonstrating political intent by Trump to protect his favourability. These findings demonstrate 

the trend that we are likely to observe should Trump come to power in the 2024 US presidential 

elections and impose his proposed tariffs. Our research is the first to suggest the above mechanisms 

through which the trade war impacted Trump’s favourability.  
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Introduction 

In 2018, the US and China entered a trade war, with the USA imposing 25% tariffs on $50 billion 

worth of Chinese imports and additional 10% tariffs on $200 billion, which later increased to 25%; 

China retaliated with equivalent tariffs on US imports (Liu, 2018). 

Academic literature primarily focuses on the impact of Chinese retaliatory tariffs on US outcomes 

(Chyzh & Urbatsch, 2021; Blanchard et al., 2024; Fetzer & Schwartz, 2021; Kim & Margalit, 

2021); we bridge this gap by directly focusing upon the effect of US-imposed tariffs on the 

favourability of Trump. This is important as Trump has announced a 60% blanket tariff on imports 

from China for the upcoming 2024 Presidential election (Wolff, 2024), and voter attitudes towards 

his proposed tariffs will heavily influence economic outcomes for the US throughout Trump’s 

presidential term should he come to power. We also establish a missing link that literature on 

Chinese retaliatory tariffs does not capture; that is, how would the favourability of Trump have 

differed if protectionist subsidies were not rolled out to agricultural producers. 

Firstly, we analyse the political aftershock from US imposed tariffs on China on voters’ 

favourability. We establish a causal chain using an instrumental variable and a differences-in-

difference design. We show the importance of time trends over the introduction of tariffs by Trump 

in explaining the decline in favourability towards Trump, utilising ANES survey data, where 

favourability is measured using a feelings thermometer. Secondly, we aim to analyse the effect of 

Chinese retaliatory tariffs. Focusing on the agricultural industry within the US, we use a modified 

Krugman model to show the effect of tariff introduction. We show that the number of US firms 

theoretically decreases. Our analysis reveals the motivation for Trump’s protectionist subsidies 

towards the agricultural sector as a response to the retaliatory tariffs. 

1. Literature Review 

Tariffs influence electoral support through countless mechanisms. Literature has shown that 

protectionist sentiments have grown in the US since the start of the century; Trump's 2016 electoral 

victory has been partially attributed to rising Chinese competition spurring protectionist sentiments 

among voters, especially in key battleground states, such as Pennsylvania, Michigan, and 

Wisconsin (Autor et al., 2017). Therefore, the increase in US-imposed tariffs in 2018, which 

reduced Chinese import competition (Zheng et al., 2022); this raised Republican electoral support 

in protected counties during the 2018 mid-election, as demonstrated by Li et al. (2019). 

The economic impact of tariffs in international trade has attracted much academic attention; it 

suggests strong economic mechanisms underlying the link between tariffs and the favourability 

towards the incumbent. For instance, import tariffs lead to increased costs of production in the 

long run (Huang, 2023), lowering domestic employment and triggering significant relocation of 

global trade (Fajgelbaum et al., 2020). Higher prices of imports immediately heighten the cost of 

living and lowered welfare, which in the case of the USA, led to an estimated cumulative 

deadweight welfare loss of approximately $8.2 billion in 2018 due to tariffs imposed on China 

(Amiti et al., 2019).  



   
 

   
 

On the other hand, tariffs imposed by other countries damage domestic industries and the 

incumbent's favourability. As these tariffs increase, corporations seek to offshore production 

overseas to avoid the cost of additional tariffs, resulting in an increase in domestic unemployment 

(Rickard, S. J., 2022). In the US-China trade war, Waugh (2019) estimated that agricultural and 

manufacturing employment growth after Chinese retaliatory tariffs to be 1.70% lower in counties 

that are exposed by a higher proportion to foreign tariffs. This is considered a relatively small 

impact given the size of the tariffs. Those suffering from unemployment due to offshoring 

experience significantly greater financial difficulties (Epstein et al., 2014). This reduced their 

favourability of Trump (Bachmann & Braun 2011; Görg & Hanley 2005). Indeed, counties most 

affected by Chinese retaliatory tariffs experienced declines in the Republican vote share in the 

2018 mid-election (Blanchard et al., 2024; Fetzer & Schwartz, 2021; Kim & Margalit, 2021).  

According to prior literature, we hypothesized that:  H1: The change in the cost of living 

due to US-imposed tariffs and rising import   expenditure led to a reduction in voters’ 

favourability of Trump. 

H2: Chinese retaliatory tariffs should result in a significantly higher number of firms 

 forced to exit their industries in the US had protectionist subsidies not been introduce 

 

2. Method 

2.1 US-imposed tariffs on China 

 

2.1.1 Data 

Check appendix 2 

 

2.1.2 Method 

[Appendix 2.1.2.a shows why a regular OLS regression would not work] 

 

We first analyse the effect of US-imposed tariffs on the favourability of Trump using an 

Instrumental Variables (IV) with a Differences-in-Difference (DD) design. We assume that the 

US-imposed tariffs are exogenous, as there was no expectation of the implementation of the tariffs 

(Amiti et al, 2019). We use the IV of average import expenditures by state from China, where we 

construct a causal chain suggesting that the increase in the cost of importing from China due to the 

introduction of tariffs directly led to an increase in the average consumption expenditure across 

states, implying an increase in the cost of living. We hypothesize that this change in consumption 

expenditure led to a reduction in favourability of Trump. 

 

The DD estimation uses the IV to exploit the differential increase in consumption expenditure 

across different states — states that imported a higher quantity of products from China (due to 

being larger in size, or other relevant reasons) would have suffered a larger change in consumption 

expenditure from the tariff. Our treatment is continuous, not binary. Hence, we test whether states 



   
 

   
 

with larger changes in consumption expenditure changed their favourability of Trump by a 

significantly higher proportion than the states that experienced smaller reductions in the quantity 

of imports. This is representative of the reduced form of our final regression. 

 

The regression specifications are as follows: 

 

First Stage: 

𝐶𝑜𝑛𝑠𝐸𝑥𝑝𝑖,𝑡 =  𝛽0 + 𝛽1𝐼𝑚𝑝𝑜𝑟𝑡𝐸𝑥𝑝𝑖,𝑡 + 𝛽2𝐺𝐷𝑃𝑔𝑟𝑖,𝑡 + 𝛽3𝐽𝑜𝑏𝑝𝑟𝑜𝑝𝑖,𝑡 + 𝛾𝑖 + 𝛿𝑡 + 휀 

 

Second Stage: 

𝑉𝑜𝑡𝑒𝑟𝐹𝑎𝑣𝑖,𝑡 = α0 + α1𝐶𝑜𝑛𝑠𝐸𝑥𝑝̂
𝑖,𝑡 + α2𝐺𝐷𝑃𝑔𝑟𝑜𝑤𝑖,𝑡 + α3𝐽𝑜𝑏𝑃𝑟𝑜𝑝𝑖,𝑡 + γ𝑖 + δ𝑡 + ϵ𝑖 

 

All variables above are in logarithm terms. In the first stage, we regress state-level consumption 

expenditure 𝐶𝑜𝑛𝑠𝐸𝑥𝑝𝑖,𝑡  on state-level import expenditure from China 𝐼𝑚𝑝𝑜𝑟𝑡𝐸𝑥𝑝𝑖,𝑡 to find the 

fitted values 𝐶𝑜𝑛𝑠𝐸𝑥𝑝̂
𝑖,𝑡 . Then, we regress state-level favourability of Trump 𝑉𝑜𝑡𝑒𝑟𝐹𝑎𝑣𝑖,𝑡  on 

𝐶𝑜𝑛𝑠𝐸𝑥𝑝̂
𝑖,𝑡 in our second stage. We include state-level GDP growth 𝐺𝐷𝑃𝑔𝑟𝑜𝑤𝑖,𝑡, and state-level 

proportion of US jobs 𝐽𝑜𝑏𝑃𝑟𝑜𝑝𝑖,𝑡 in both stages to account for any confounding variation that may 

be created by the two variables. We conduct Hausmann tests on confounding variables and show 

these are good controls. We include state fixed effects 2γ𝑖 and time fixed effects3 𝛿𝑡 to account for 

any state and time invariant factors between the two periods. Standard errors 휀 are robust. 

[In appendix 2.1.2.b, we show that the assumptions for DD and IV are fulfilled.] 

2.2 Chinese Retaliatory Tariffs 

2.2.1 Setup of Model 
 

In this section, we analyse the effect of Chinese retaliatory tariffs on the US on the favourability 
of Trump. Proving a causal effect using this chain is empirically difficult. This is due to two 
reasons. Firstly, Chinese retaliatory tariffs were accompanied by retaliatory tariffs by the other 
nations, such as the EU, India and Russia (International Trade Administration, 2023). Literature 
shows that there is a lagged supply-side response by US firms, implying that the economic 
response of US firms concerned all retaliatory tariffs, not just China (Zeng, 2023), making it 
difficult to isolate a causal chain using Chinese retaliatory tariffs only.  
 
Secondly, Trump provided large subsidies to heavily affected sectors, especially the agricultural 
sector. Subsidies by the federal government to farmers increased by approximately $9 billion in 
2019, and $23 billion in 2020 (Economic Research Service, 2024). Thus, empirical estimation will 

 
2 State-fixed effects: time-invariant effects of states (for example: size). If it’s correlated with a regressor, 
then it induces bias as a confounder. By controlling for them, we remove time-invariant endogeneity across 
states. 
3 Time-fixed effects: the difference in demographics within states across time. By controlling for them, we 
remove the time trend effects between 2016 and 2018 across the same state. 



   
 

   
 

underestimate the true effects and hide the mechanisms that a pure causal chain studying the effect 
of Chinese retaliatory tariffs on economic outcomes and the favourability of Trump may show. 
 
Hence, we aim to analyse the impact of Chinese retaliatory tariffs by mathematically modelling 
industry-level responses to the tariffs. We combine existing literature with a Krugman Model of 
International Trade (KMIT) (New Trade Model). The KMIT utilizes New Trade Theory, pioneered 
by Paul Krugman (The Library of Economics and Liberty); we model the US and China as two 
countries with similar factor endowments and technologies. In this model, industries engage in 
monopolistic/imperfect competition.  
 
This model requires that industries within both countries fulfil three assumptions: increasing 
returns to scale (IRS), differentiation of goods and many firms within the industry. We demonstrate 
that these assumptions are fulfilled by restricting our analysis the agricultural sector in the US by 
using existing literature. For further details, see appendix 2.2.1.a.  
 
The KMIT has two equations/curves that determine outcomes in our stylized monopolistic 
competition world. The two curves below are similar to a Demand and Supply curve, although not 
the same. 
 
First, we have the PP curve, which shows average price as a function of the number of firms in the 
agricultural industry: 
 

𝑃  =  𝑐  +
1

𝑏𝑛
 

 
shows marginal costs for all firms within the industry; it is assumed that is constant across all 
firms. refers to the weighted average price elasticity of demand for agricultural products. 
 
On the other hand, we have the CC curve, which shows average cost as a function of the number 
of firms in the agricultural industry: 
 

𝐴𝐶  =  𝑐 +
𝑛𝐹

𝑆
 

 
refers to the fixed cost of entering the agricultural industry, such as the upfront costs of setting up 
a farm and purchase of required capital such as machinery. refers to the total market size of the 
agricultural industry in the USA. 
 
The derivations of the two functions above are shown in appendix 2.2.1.b. 
 
2.2.2 Model Method 
 
Under this model, we show the effects of introducing Chinese retaliatory tariffs. We introduce a 

tariff 𝑡 in the Total Cost function 𝑇𝐶 . This is motivated by Amiti et al. (2019); they stated that the 
cost of the tariff was partially passed on to US exporters, with an aggregate cost of $2.4 billion. 

The parameter of interest is 𝑛 . 
 

𝑇𝐶 = 𝐹 + 𝑐𝑄 + 𝑡𝑄  



   
 

   
 

 

𝐴𝐶  =  
𝐹

𝑄
+ 𝑐  +  𝑡 

 
Using the Symmetric Equilibrium condition (justified in the appendix) 
 

𝑄  =  
𝑆

𝑛
 

 

We substitute the function above in the 𝐴𝐶 function 

 

𝐴𝐶  =  
𝑛𝐹

𝑆 
+ 𝑐 + 𝑡 

 

This represents our new 𝐴𝐶 function. Under the assumption that all firms aim to maximize profits, 
we solve the equilibrium condition below where average price equals to average cost at the 

industry level. Note that 𝑏, 𝐹 and 𝑆 are fixed in the short run. 

 

𝑃  =  𝐴𝐶  
 

𝑐 +
1

𝑏𝑛
=  𝑐  +  

𝑛𝐹

𝑆
+ 𝑡 

1

𝑏𝑛
=  

𝑛𝐹

𝑆
+ 𝑡 

𝑆  =  𝑛2(𝑏𝐹) + 𝑛(𝑏𝑆𝑡) 

(𝑏𝐹)𝑛2 + (𝑏𝑆𝑡)𝑛 − 𝑆 = 0 

Using the quadratic formula: 

𝑛  =  
−𝑏𝑆𝑡+√(𝑏𝑆𝑡)2+4𝑏𝐹𝑆

2𝑏𝐹
 

 

3. Findings 

  

3.1 US-Imposed Tariffs 

 

This study tests the null hypothesis that an increase in consumption expenditure has no effect on 

favourability of Trump. To examine this, we conducted two two-stage least squares (2SLS) 

regressions of favourability towards Trump on consumption expenditure, using US imports from 

China as an instrument for consumption expenditure. In the first regression, we controlled for time-

fixed effects and did not for the other regression. 

   



   
 

   
 

First, we will compare findings from the regressions on Trump’s favourability on fitted values of 

consumption expenditure, using state-level imports from China as an instrument.  

 

 

 

 

 

Table 1: First Stage 

 

 Consumption 
Expenditure 

Consumption 
Expenditure 

Import Expenditure 0.270** 
(0.101) 

0.470*** 
(0.089) 

State Fixed  
Effects? 

Yes Yes 

Time Fixed Effects? No Yes 

 

Table 1 shows our first stage regression, including and excluding time-fixed effects. Both 

regressions give positive and significant estimates of the effect of total consumption expenditure 

on US imports from China, satisfying the relevance assumption needed to use Chinese imports as 

an instrument for total consumption expenditure. 

 

Table 2: Second Stage 

 

 Favourability of 

Trump 

Favourability of 
Trump 

Import Expenditure -2.219** 
(0.832) 

-0.002 
(0.101) 

State Fixed  
Effects? 

Yes Yes 

Time Fixed Effects? No Yes 

 

Table 2 shows our second stage results. When time-fixed effects are not controlled for, a 1% 

increase in total consumption expenditure is on average associated with a 2.219% decrease in 

Trump's favourability, ceteris paribus. This estimate is significant, with a p-value of 0.028. 

However, once we control for time-fixed effects, as shown in Table 3, all significance disappears; 

1% increase in total consumption expenditure is on average associated with 0.002% decrease in 

Trump's favourability, ceteris paribus.  

 

Therefore, we fail to reject our null hypothesis; there is insufficient evidence to suggest a causal 

effect on Trump’s favourability due to the US-imposed tariffs on imports from China. The stark 



   
 

   
 

contrast between the estimates in Table 2 shows that the inclusion of time-fixed effects 

significantly alters the results. 

 

[Full Stata code and Stata-generated regression tables can be found in Appendix 3.1] 

  

 

 

 

4. Discussion 

4.1 US-Imposed Tariffs 

Our results suggest that there are unobserved factors due to time-trends which primarily explain 

the decline in favourability towards Trump; these trends were likely established during his 2016 

presidential campaign. There are two driving reasons for this: firstly, Trump announced his tariff 

policy towards China during his 2016 campaign (Needham 2016). Secondly, Trump was involved 

in many controversies in 2016; an example includes widespread criticism from within his own 

party for questioning the ability of a federal judge of Mexican descent to fairly preside over a fraud 

lawsuit against his now-defunct real estate investment course known as Trump University 

(McCammon, 2016).  

 

Figure 1: See Appendix 4.1 for Stata code 

Hence, the downward trend in public favourability towards Trump followed a trajectory as voters 

likely made up their opinions on Trump; according to our findings, any controversial foreign policy 

action and the start of the trade war in 2018 perfectly fit voters’ expectations, thereby not 

marginally changing their favourability of Trump over the course of Trump’s term. 

 

 

4.2 Chinese Retaliatory Tariffs 



   
 

   
 

There is a strictly negative relationship between 𝑛 and 𝑡 ; the introduction of a tariff will always 

reduce the number of firms in the agricultural industry in this model. We graphically show this by 

illustrating a parallel shift in the CC curve in an Average Price/Cost vs Number of Firms graph. In 

the appendix, we construct a hypothetical scenario that shows exactly the change illustrated below. 

 

z 

Figure 2: See Appendix 4.2 for python code. 

In the absence of any corrective measures by the Trump and the US government, this is the 
expected impact on the agricultural sector. We argue that this is the primary mechanism through 
which short-term unemployment would be created; farms or other entities within the agricultural 
sector exit the market due to the higher average cost of production. Those who exit are usually the 
least productive or can offshore agricultural production to neighbouring countries.  
 
This underlines Trump’s intent for the introduction of higher subsidies, and the drive in 

expansionary fiscal policy by the US government. These measures cancel out 𝑡 in our 𝐴𝐶 equation. 
While we did observe insignificant effects of US-imposed tariffs on China in our first analysis, we 
argue that an increase in the cost of living has a less tangible effect on livelihoods than the 
unemployment that would have created by Chinese retaliatory tariffs. Literature has shown that 
mental health indicators deteriorate significantly more with an increase in unemployment than the 
cost of living; we can extend this analysis to the current scenario (Pappas, 2020). Had corrective 
policies not been introduced, we hypothesize that this would have significantly reduced 
favourability of Trump, as the economic impacts on the US economy would have been far more 
disastrous than the increase in the cost of living shown in our first analysis. 
 

5. Limitations 

5.1 US-Imposed Tariffs on China 

 



   
 

   
 

The primary limitation with the DD analysis is the low sample size of competitive states; there are 

only 12. However, standard errors are small, which helps achieve significance in our findings. 

 

Data is only available on the favourability of Trump in 2016 and 2018 at the state level; hence, our 

analysis is limited in terms of its granularity. However, this data is available at the county level at 

regular time periods between 2016 and 2018. However, given the report’s word and time 

constraints, a county-level analysis is extremely difficult. 

 

5.2 Chinese Retaliatory Tariffs on US 

 

The primary limitation of the Krugman Model is its simplified nature. The assumption of constant 

marginal costs 𝑐 may not be fulfilled, and firms may not be profiting maximizers. Further, factor 

endowments and technologies may be different between the US and China. 

However, despite the simplifications, we argue that there is much to be learned from utilizing this 

model. By restricting our analysis to the agricultural sector, the above limitations can be relaxed 

although not completely eliminated. This is because we expect firms within the agricultural sector 

to be reasonably similar to one another, and we do not expect large differences in production 

technologies between the US and China in technologies. 

 

6. Conclusion 

To conclude, we find no statistically significant effect of US-imposed tariffs on favourability of 
Trump. Instead, we suggest that the observation in the decrease of favourability is due to time 
trends which were pre-determined in Trump’s 2016 presidential campaign. In addition, we 
propose that the Chinese retaliatory tariffs would have detrimental impacts on favourability of 
Trump had he not introduced protectionist subsidy. 

 

We use our findings above to provide expectations for 2024 US presidential elections. For 
context, Trump has pledged to impose large additional tariffs if he is re-elected, with a 60 
percent tariff on Chinese goods and a 10 percent tariff on products from other countries (Wolff, 
2024).  

 

As suggested by Li (2020) and as shown in our first stage regression analysis, additional tariffs 

will clearly decrease welfare in the US and hurt economic outcomes. However, we do not expect 

this to differentially reduce favourability of Trump. Jackson and Newall (2024) suggest that recent 

trends of voter opinions of Trump seem to be unaffected by the guilty verdict on 34 felony counts 

of falsifying business records, even though two-thirds of Americans believe that the verdict was 

correct (Ipsos, 2024). This mirrors our findings on favourability of Trump from the trade war; 

except in this case, time trends reflect a larger favourability of Trump. The driving reasons for this 

in 2024 is beyond the scope of our study; however, we expect that this is because of recent US 



   
 

   
 

foreign policy stances with the Israel-Palestine war and a social media war in the run-up to the 

2024 presidential elections. 

By extension, if tariffs are introduced by Trump should he come to power, China will likely 

retaliate with similar political targeting as observed in 2018. The pattern of subsidy provision and 

expansionary fiscal policy must continue if Trump chooses to preserve his favourability, especially 

since the US cannot afford to have mass unemployment from a trade war post-COVID. However, 

the current federal government budget deficit is enormous, with the 2024 year-to-date shortfall 

reaching $1.2 trillion (Cang & Zhou, 2024). The federal government may be constrained if it 

chooses to use a mass protectionist subsidy approach. (See appendix 6 for further research 

recommendations).  

 

Appendix 

Appendix 2. 

2.1.1.a 

Data 

We use annualised data compiled from International Trade Association, 2024; American 
National Election Studies [ANES], 2019; American National Election Studies [ANES], 2016; 
(BEA Interactive Data Application, n.d.); World Integrated Trade Solution, 2016; Bown, 2023 
and Election 2016: Results by State, 2017.  
 
Using 2016 presidential election voting data ("Election 2016: Results by State," 2017), we 
selected a sample of competitive swing states, limiting the difference between votes for Trump 
and Hillary Clinton to 5%. This controls for pre-existing strong beliefs and biases for/against 
Trump, therefore minimizing the skew in our results since it makes the states in our sample more 
similar and thus gives a more unbiased estimate for the effect of the introduction of US-imposed 
tariffs on Trump’s favourability. 
 
We collected data on Trump’s favourability using a "feelings thermometer" measure included in 
our election data (ANES, 2019; ANES, 2016).  
 
We collected data on total consumption expenditure (BEA Interactive Data Application, n.d.). 
This data is presented in real dollar value amounts.   
 
We also collected data on the dollar value of imports from China for each state in our sample 
(International Trade Association, 2024). We constructed our "imports from China" variable by 
calculating the proportion of each state’s imports from China relative to the total imports from 
China into the US.  
 
We also collect data on GDP growth per state and each state’s proportion of total US jobs (U.S. 
Bureau of Economic Analysis, 2024) to use as controls in our regression analysis. GDP growth 
by state reflects changes in economic performance, and each state’s proportion of US jobs 



   
 

   
 

accounts for changes in Trump’s favourability resulting from fluctuations in unemployment 
between 2016-2018.  
 
After plotting the raw data of favourability of Trump against total consumption expenditure, we 
observe a logarithmic trend. Therefore, all our variables are log-linearized to fit our data better.  
 

 
Figure 3: See Appendix 2.1.1.b for Stata code 

Stata code for generating graph 

 
*totalPCE is our variable for consumption expenditure 

 

2.1.2.a 

Addressing the above question using a regular OLS will not yield accurate results. The main 

limitation of this approach is endogeneity, caused by other confounding economic and foreign 

policy stances that Trump endorsed during the same period. This includes tensions worsening 

throughout 2017 with the DPRK and the Middle East (specifically Iran, where Trump accused Iran 

of destabilizing the Middle East). A majority of the US population was critical of Trump’s actions; 

this would contribute to an overestimation of a decline in voter favorability in an OLS regression. 

 

2.1.2.b 

The DD estimation method requires two assumptions to be fulfilled. Firstly, parallel trends must 

exist between states in terms of voter favourability for Trump. Since we are using a two-way fixed 

effects interpretation of the DD estimation method, we can relax the requirement of parallel trends 

as we control for state fixed effects and time fixed effects. 

Secondly, there must not be other exogenous shocks that occur at the same time as the US Tariffs 

on China. There is a lag in response to the tariffs from stakeholders such as multinational 

corporations (MNCs) and workers; this delayed any supply-side responses to the tariffs (Zeng, 



   
 

   
 

2023). Hence, all immediate shocks originate from the demand side; Amiti et al. (2019) also shows 

there was an almost instant change in prices due to tariffs, implying that our variables of interest 

likely changed quickly. This satisfies our second assumption. 

Further, the IV must satisfy three conditions to be valid: relevance, exogeneity, and random 

assignment. Proving relevance involves running a first-stage regression, which is shown in our 

findings. Secondly, exogeneity requires that  only affects  through the channel described above 

and is uncorrelated with any other factors affecting voter favourability. We argue that this is 

fulfilled by restricting our analysis to ‘competitive’ states 4, as the confounding political bias 

channel is eliminated on an aggregate level. Lastly, random assignment is fulfilled, as the tariffs 

implemented reliably within the first wave are reliably random (Amiti et al., 2019). We also use 

state fixed effects to help eliminate differences across states, such as unobserved political bias and 

other endogenous factors. 

 

 

 

2.2.1.a 

Kim and Margalit (2021) show that China politically targeted industries in Republican-leaning 
counties; one of the major industries within such counties is the agricultural industry. For the sake 
of simplicity, the agricultural industry also cleanly fulfils the assumptions required by the 
Krugman Model, making it ideal for this analysis. 
 
Firstly, evidence has shown that the US agricultural industry exhibits significant IRS, due to high 
levels of public research investment and learning-by-doing (Yang & Shumway, 2020). Secondly, 
goods produced in the industry are horizontally differentiated, with farms’ production ranging 
from livestock, including meat and poultry, to crops, such as corn and soybeans (Economic 
Research Service, 2024). Thirdly, there are over 2 million farms that compete with one another in 
the USA (National Agricultural Statistics Service, 2019). Although farms are not exclusively the 
only type of firm in the agricultural sector, it is the simplest metric of the number of firms and 
hence competitiveness. All assumptions are fulfilled. 
 

 

2.2.1.b 

i) PP curve derivation 

The demand function is: 

𝑄  =  𝑆 (
1

𝑛
− 𝑏(𝑃 − 𝑃)) 

 
4 Refer to appendix 2 for the definition of competitive states. 



   
 

   
 

Rearranging this equation gives us: 

𝑃 = 𝑃 +
1

𝑏𝑛
−
𝑄

𝑏𝑆
 

Taking the First Order Condition and finding 𝑀𝑅 : 

𝑀𝑅 = 𝑃 −
𝑄

𝑏𝑆
 

Where 𝑀𝑅 refers to the marginal revenue. 

Since firms maximize profits, 𝑀𝑅 = 𝑐  

𝑐 = 𝑃 −
𝑄

𝑏𝑆
 

Using the symmetric equilibrium condition where 𝑄 =
𝑆

𝑛
 

𝑃 = 𝑐 +
1

𝑏𝑛
 

ii) CC curve derivation 

𝑇𝐶 = 𝐹 + 𝑐𝑄  

𝐴𝐶 =
𝐹

𝑄
+ 𝑐 

Using the Symmetric Equilibrium condition 

𝐴𝐶 =
𝑛𝐹

𝑆
+ 𝑐 

Appendix 3. 

3.1 

Full Stata code: 



   
 

   
 

 

 



   
 

   
 

First-stage regression (including time fixed effects) Stata-generated regression table: 

 

First-stage regression (excluding time fixed effects) Stata-generated regression table: 

 



   
 

   
 

Second-stage regression (including time fixed effects) Stata-generated regression table: 

 

 



   
 

   
 

Second-stage regression (excluding time fixed effects) Stata-generated regression table: 

 

 

 

 

 

 

Appendix 4. 

4.1 

Stata code to generate graph 



   
 

   
 

 

 

4.2 

 

 

 

Appendix 5. 

 

Appendix 6. 

For further research, we recommend studies on the effects of the US-China Trade war on other 

countries and the international shift of power. The US and China are both in the process of 

decoupling from each other; this has resulted in developing countries such as Vietnam receiving 

large inflows of foreign investment and trade from the US with China. The trade war has also sped 

up China’s agenda of expanding its influence through the Belt and Road Initiative. International 



   
 

   
 

organizations have lost significant amounts of power due to the war; for example, the ‘Most 

Favored Nation’ has been violated many times by both countries, with little punishment for either 

country exercising their economic power5. This reduces the WTO’s power of precedent, and 

potentially undoes decades of trade talks in reducing trade barriers. 

Economic power – in the context of our analysis, the capacity of a country to affect another 

country’s economic outcomes. For example, the ability of China to change macroeconomic 

outcomes of the USA using tariffs. 
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